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Abstract Soryu-sha develops and operates the reading support system "YourEyes" for visually impaired individuals. After
authenticating that the user indeed possesses the book through the analysis of the layout of the scanned book, the system provides
the information for reading the book aloud. Previously, book images were analyzed based on rules, but now the aim is to support
more general layouts by utilizing Al. In addition, with the goal of improving user experience (UX), features developed using
Large Language Models (LLMs) include correction of OCR reading errors, detection and captioning of illustrations and
photographs within book images, and a book content summarization function. User surveys have been conducted to evaluate
these features.
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